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ABSTRACT

Housing is a fundamental component of the household consumption bundle. In fact, for most
households, the purchase of a home is their single most important financial transaction. The
housing market can be influenced by macro-economic variables, spatial differences, characteristics
of community structure, and environmental amenities. Heterogeneity of house and how consumers
rank different characteristics of a house led to price changes and fluctuations. So that, one house
with similar physical attributes in different urban regions will show different prices. This research,
looking for recognition effective factors on house Prices and estimating prices of housing units in
the District two of Tabriz. This research based on applied and Correlational researches. The data
were collected through survey and inquiry from real-estate agents. Statistical population is the
houses in district two of Tabriz which is 56107. Cochran formula estimated 384 sample size and
for desirable estimation 400 house were randomly selected as a sample of research. Artificial
neural network (ANN) is employed in this paper to analyze housing values. In determining the
house prices "physical variables” have 53.8 percent, "distance variable" has 39.2 percent and
"environmental variables” has 7 percent. The findings of research indicate which "floor area”
variable with 28/4 percent, "distance from treatment centers" variable with 4/4 percent, "distance
from health centers" variable with 5.1 percent and "building facades" variable with 4.6 percent has
the highest share of house prices. In this research, were used MATLAB 2013 and ArcMap 10.4.

Copyright©2020, Geography and Development. This is an open-access article distributed under the terms of the Creative Commons Attribution-
noncommercial 4.0 International License which permits copy and redistribute the material just in noncommercial usages, provided the original

work is properly cited.

Extended Abstract human life, it is the foundation of many human

1- Introduction

ousing is the most basic and most
vital need of everyone in society,
and because of its essential role in

activities. Housing plays a key role in household
consumption. Indeed, for most households, home
purchase is their most important financial
transaction. House also Forms significantly to
household expenses and in some cases even Forms

the total property of households. Therefore,
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significant fluctuations in households Property. In
addition to exchange value, as any other goods, the
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pricesare not merelyinfluenced by macroeconomic
variables or accumulation of expense and profits
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from an economic activity. But other factors such
as spatial variables, structural features of society
and environment welfare facilities can be effective.
Due to the heterogeneity of housing and its
multifaceted role, differences in the physical,
environmental and accessibility characteristics
such as Building area, building location, unit
location on the floor, building age, distance from
other land uses, etc. are considered as the final
factor in determining the price of a residential unit.
As much as one housing with similar physical
characteristics in different urban regions will have
different prices.

2-Methods and Material

The approach of this research is “correlation” and
based on applied and development researches. For
analyzing and modeling were used MATLAB 2013
and ArcMap 10.4. Statistical population is the
residential property in district two of Tabriz which
is 56,107 Residential units. Cochran formula was
used to estimate the sample size and estimate 378 as
samples. For desirable estimation 400 units were
randomly selected. To remove the effect of time,
only data from June to August 2018 were used. The
data were collected through survey and inquiry from
real-estate agents. Independent variables are divided
into three groups of physical, environmental and
accessibility.

3-Results and Discussion

A “Multilayer perceptron” with “Back propagation”
in MATLAB was used for modeling. This model
has 24 input layers, 9 hidden layers with 10 neurons,
1 output layer, and “Levenberg-Marquardt” training
method, “Learngdm” learning function, “MSE”
performance, “Tansig” transfer function and 4,000
epochs. 30 percent of data was used for the test, and
70 percent was used for training. Data has been
randomly selected. According the results, artificial

neural network has the lowest deviation between the
predicted price and the real housing price in ranges
between 600 to 800 billion rials. The results show a
concentration of highest housing prices in the
neighborhoods of “Golbad”, “Ferdows” and “Elahi
parast”. The average Building area of residential
units in “Golbad” is 335m?, in “Ferdows” is 353m?
and in “Elahi Parast” is 348m2 and most of the
residential units in these neighborhoods are less than
10 years old. The neighborhoods of “Golgash 2”
and “Shahgoli 2” have the lowest housing prices.
The average Building area of residential units in
“Golgash 2” is 126m? and in “Shahgoli 2” is 160m?
and most of the residential units in these
neighborhoods are more than 30 years old.

4-Conclusion

The results show there is not much difference
between the predicted price and the real housing
price, and the artificial neural network has predicted
the price with high accuracy. The research
hypothesis was that “the physical characteristics of
housing have a higher share in increasing housing
prices than other characteristics.” The share of
physical variables in determining the price of
residential units is 53.8%, the share of accessibility
variables is 39.2% and the share of environmental
variables is 7%. Among the research variables, the
highest share of the residential unit price in district
“Building area” with 28.4%,
“accessibility to medical centers” with 4.6% and

of Tabriz is

“accessibility to health centers” with 5.1 %. Despite
the existence of medical and health uses such as
Tabriz International Hospital and Imam Reza
Hospital and Shahid Madani Hospital in nearness of
“Elahi Parast” and “Golbad” neighborhoods, the
neural network has made accessibility to health and
medical centers in second and third priority. The
H1 hypothesis is confirmed by the results.
Keywords:Housing Prices, Physical Characteristics,
Artificial Neural Network, Tabriz, District Two.
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